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“You are even wrong to reckon that a cheeseburger you order in a
restaurant—this week, next week, a year from now, it doesn’t really
matter when—uwill definitely hit the spot. That’s because when it comes to
predicting exactly how you will feel in the future, you are most likely
wrong” [6].

The disparity between what we predict, and what we ultimately
experience, is called the impact bias. Those errors in estimating what
would be desirable to us in the future lead to miswanting [7].

 Demand-response is “the ability of customers to respond to either a
reliability trigger or a price trigger by lowering their power
consumption.” [1]
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